


(A) Control (B) Di erence

Figure 6: (A) The graph estimated by using the control data. (B) The di erence between the
estimated sparse median graphs of the case and control subjects usikgndall. The black color
represents the edges only present in controls but not in cases, while the red color represents the
opposite. A truncation value 0.3 was used for visualization.

motivates a more thorough inferential investigation of the median graph properties and

network modification with disease.
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